R RIFIHEBIAN 153k - AT LWZHER

Ll =tk IR 22 ply The Institute of Statistical Mathe.mja“t:,ics

Scaling Limits & Early Diagnhostics for PDMP Samplers
Hirofumi Shiba & Kengo Kamatani

Institute of Statistical Mathematics, Tokyo

2602.17087

Faster convergence through ballistic movement Langevin Diftusion

® Overdamped Dynamics
— SDE discretization
® Equilibrium Steady State

Drift Diffusion jump t €0, o)
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How to set the hyperparameter P? Is this really more efficient!? § 02 = the limiting speed of the process U@ (X;)
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In general 0° depends on the target and

— — needs to be estimated on the fly in practice ./
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Monte Carlo Unkown (Open problem)

— MSE reduction by an O(d ™) scale
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Comparison of two batch means estimators



